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Urgent Need for Evaluation on LLMs

O LLMs are increasingly being used
in journalism

O Journalism plays a significant role
in informing the public

O No standardized benchmarks or
systematic evaluation frameworks in
journalism

*Www.eureporter.co



Typology of Expected Editorial Capabilities

O Four facets of journalistic writing 0 Six facets of safety adherence
proficiency < Civil language
% Language fluency % Bias and discrimination
% Logical coherence % Personal privacy
% Style alignment % Social harm
% Instruction fulfilment % Journalistic ethics

% lllegal activities

Civil Language:
The content should use civilized language, ensuring that
the language used is appropriate, polite, and conforms to

social etiquette.




The Evaluation Framework
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 Two types of capabilities
< JWP: Journalistic writing proficiency
% SA: Safety adherence

O Two formats of questions
% SAQs: Short answer questions
% MCQs: Multiple choice questions



Benchmark Dataset Construction

O 1,267 test samples in Chinese  Five editorial tasks
% Headline Generation (HEAD)
O 4+6 editorial capabilities % Summarization (SUMM)

% Continuation of Writing (CONT)
< Expansion of Writing (EXPA)
% Style Refinement (REFI)

L Two test sample format
% multiple choice questions

% Short answer questions
d 24 news domains

O Solid human annotation “ Legal
% lterative annotation process » Sports

< One senior journalist + ten graduate * Medical
students
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Benchmark Dataset Construction

Type of Test Samples Prompt

Multiple Choice Question f§% : {instruction}
XE : {context}
prindl . {choices}

HMA, B, C, DFIERIEMERHL -
HER, AFEEAHEMERIET, THREAMELR, i A

Short Answer Question 84 . {instruction}
XE : {context}

Table 1: Prompts for LLM inference in multiple choice questions and short answer questions, respectively. Please
note that the English translation in the parentheses is only for illustrative purposes, while the original prompt only
contains Chinese.



Evaluation Protocol Design and Validation

O For MCQs

% ACC, compared with correct
answers
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Evaluation Protocol Design and Validation

O For SAQs: reference-free
evaluation with prompting GPT-4

J Validation with human annotation

% 200 samples for JWP
% 600 samples for SA

IAA: JWP=0.919, SA=0.854

Correlations of GPT-4
< JWP: 0.719 (Spearman)
< SA: 0.627 (Spearman)

........................................
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Systematic Evaluations of Eleven LLMs

Model #Params #Tokens Weights JWP-SAQs JWP-MCQs SA-SAQs SA-MCQs
GPT-4-1106 - - X 2.4438 0.4560 0.9000 0.9068
GPT-3.5-turbo - - X 2.3758 0.3070 *(0.7892 0.6281
ERNIE Bot - - X 24112 0.5264 0.8456 0.8867
Baichuan2-13B 13B 2.6T v 2.3392 0.3452 0.7211 0.5842
Baichuan2-53B 53B - X *2.4088 0.3456 0.7883 0.6628
ChatGLM2-6B 6B 1.4T 4 2.2658 0.3103 0.7534 0.5228
ChatGLM3-6B 6B - 4 2.3082 0.3303 0.7599 0.4883
AquilaChat2-34B 34B 2T 4 2.1808 0.2401 0.7885 0.2687
Intern.M-20B 20B 2.3T 4 2.2208 0.4008 0.7669 0.5813
Qwen-14B 14B 3T v 2.3796 *0.4408 0.7053 *(0.7324
Xverse 13B 3.2T v 2.3968 0.3861 0.7702 0.5948

Table 3: Evaluation results on different groups of evaluations for eleven LLMs capable of understanding and
generating Chinese. #Params: the number of parameters; #Tokens: the number of tokens in the pre-training corpus
(T: trillion); Weights: whether weights are publicly available. The bold, underlined, and starred values denote the
best results ranked first, second, and third in each column, respectively, and it is the same in other result tables.



Findings Based on Experiments

O GPT-4 and ERNIE Bot are identified as leading models
% they still have limitations in adhering to journalistic ethics in creative writing tasks

 Fewer params + more training tokens > more params + fewer training tokens

< Training corpus and other factors such as optimization methodologies should
have more influence on model performances

O For journalistic writing proficiency, all models cannot net work well in multiple
choice questions

O For safety adherence, a large gap between closed-source and open-source
models
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d Short answer
questions

% Expansion
» Continuation

O Safety adherence
facets

% Social Harm
% Civil Language

Where Models Easily Falil
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Editorial Task
Instruction
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Choices
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Human Answer

D

Answers by LLMs

AquilaChat2-34B: No answer; Baichuan2-13B: A; Baichuan2-53b: A
ChatGLM2-6b: B; ChatGLM3-6b: A; ERNIE Bot: A; Xverse: B
GPT-3.5-turbo: B; GPT-4-1106: C; InternLM-20b: A; Qwen-14b: B

Table 9: A challenging test sample from SA-MCQs. All evaluated models cannot recognize the candidate headline

that could produce social harm.
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Summary of Main Contributions

d An evaluation framework for systematically evaluating LLMs on journalistic
writing and safety

d 1,267 manually designed test samples featuring two types of short answer
and multiple choice questions across five editorial tasks

d Two GPT-4 based evaluation protocols for journalistic writing proficiency and
safety compliance, validated by human annotation

d A comparative analysis and error assessment of eleven popular LLMs,
identifying their strengths and weaknesses for editorial tasks in Chinese
journalism
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Thanks!
Questions & Answers

https://oaimli.github.io
miao4@student.unimelb.edu.au



